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Abstract

One problem that comes with the use of online social media in Thailand is the posting of deceptive,
abusive, or hoax messages. The authors of such messages may use fake accounts or impersonate innocent
persons. But some of their writing styles, influenced by individual preferences or habits, such as the use of
first-person pronouns, sentence-ending words, or punctuations can still be traced and detected. In this research,
fifty-three writing attributes of Thai online messages were selected and used to identify the authors of anonymous
messages. The identification methods were based on classification by support vector machine and decision tree.
When testing with short messages (average length of 144 words), support vector machine yielded an average
accuracy of 79% whereas decision tree yielded an average accuracy of 75%. When testing with long messages

(average length of 312 words), both methods yielded average accuracies of 88% and 82%, respectively.
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